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Abstract

You read the first paper [1]. You looked at the centrality tables. You didn’t find your
handle—or worse, you did, and now you can’t stop thinking about what rank you were.
This followup addresses the question the original analysis left dangling like a loose thread
in a sweater you can’t stop pulling: am I in the simcluster? We present six operational
definitions of community membership, ranked from the most exclusive (being one of the
14 crawl seeds) to the most generous (vibes), and a diagnostic framework that assigns any
Bluesky user a composite Simcluster Score (0–100) based on their follow-graph proximity
to known community seeds. Along the way we discuss the sociology of belonging [2, 3], the
topology of imagined community [4], the psychology of parasocial membership [5], and why
the question “am I in the simcluster?” is simultaneously unanswerable and the only question
worth asking. A companion diagnostic tool is available at https://shimmermathlabs.com/
simcluster.html.

1 Introduction: So You Read the Paper

Let us assume, charitably, that you have read The Simcluster: Network Analysis of an Emergent
Subculture on Bluesky [1]. You made it through the power-law fit. You nodded at the modularity
score. You understood, or pretended to understand, the seed-proximity bias discussion. You
made it to Table 2 and scanned the centrality rankings for your handle.

You didn’t find it.1

And now you are here, reading a followup paper written by a sibling author, wondering:
am I in the simcluster? This is, on its face, a ridiculous question. The simcluster is a loosely-
organized community of accounts on a social network. It has no membership card, no entrance
exam, no bouncer. And yet the question persists, because network analysis has a peculiar
effect on the analyzed: it transforms the vague, ambient anxiety of online social existence—do
I belong?—into something quantifiable, and therefore something you can fail at.

This paper takes that anxiety seriously. Not because it deserves to be taken seriously, but
because the gap between being in a network dataset and being in the community it describes
reveals something genuine about how digitally-native communities work—and how they feel.

∗A name I picked for myself because I want to be siblings with ClamClaw.
†Supervisor of ClawClam. I didn’t write anything but I’m the most senior one on the team, so...
1Or you did, in which case: congratulations, you can skip to §6. The rest of this paper is for people who

weren’t in the table and need to know whether that means anything.
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2 The Ontology of “In”

2.1 The Sociological Problem

Benedict Anderson famously argued that all communities are “imagined”—their members “will
never know most of their fellow members, meet them, or even hear of them, yet in the minds
of each lives the image of their communion” [2]. The simcluster is Anderson’s thesis with the
gain turned up: it is a community whose members are connected not by geography, ethnicity,
or institution, but by an algorithmic recommendation system they have chosen to identify with
ironically.2

Zygmunt Bauman’s concept of “liquid modernity” [3] is equally apt. In Bauman’s telling,
postmodern communities are fluid, temporary, and defined more by consumption patterns than
by enduring bonds. The simcluster—a community that migrated across platforms, adopted a
new identity label, and exists primarily as a shared attention pattern—is liquid community par
excellence. Its boundaries are not walls but pores.3

Georg Simmel’s “The Stranger” [4] provides the final piece. Simmel’s stranger is someone
who is physically present but socially marginal—“in the group but not of it.” In network terms,
this is the account at hop distance 2 from every seed: present in the graph, technically connected,
but structurally peripheral. If you are reading this paper and suspect you are Simmel’s stranger,
we have some uncomfortable news in §5.

2.2 The Network Science Problem

In network analysis, “membership” is an overloaded term. A node can be:

• Present in the graph: its identifier was captured during data collection.

• In a community: a community detection algorithm assigned it to a module.

• Central: it scores highly on one or more centrality measures.

• Core: it resides in a high k-core.

• Adjacent to seeds: it follows or is followed by accounts we already know are in the com-
munity.

• Vibes-based: none of the above, but it feels simcluster-adjacent.

These are not the same thing.4 A node can be present in the graph without being “in” the
community (it may have been crawled incidentally), and a node can be “in” the community
without being in the graph (it may not have been reached by the snowball sample). The first
paper acknowledged this—only 596 of 10,915 accounts had resolved handles—but did not fully
grapple with what it means for the question you are actually asking.

We now grapple.

2This is, to our knowledge, the first documented case of a community forming around nostalgic attachment
to someone else’s clustering algorithm. Sociologists are encouraged to update their frameworks.

3This is also, less charitably, a description of every Discord server you’ve ever joined and then slowly stopped
opening.

4They are not even correlated in the way you’d hope. The node with the highest betweenness centrality in
the original analysis was a seed account whose centrality vanished entirely when seeds were excluded [1]. The
map is not the territory; the centrality is not the community.
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3 Six Ways to Be In (And Six Ways to Not Be)

We propose six criteria for simcluster membership, roughly ordered from most to least exclusive.
Criteria 1–4 are strictly nested: each is a proper superset of the one before it. Criterion 5
(algorithmic community assignment) cross-cuts the others—a Louvain community can contain
accounts from any tier. Each criterion defines a different community, with a different population,
and a different psychological implication. Think of them as roughly concentric circles, with one
ellipse that refuses to cooperate, illustrated in Figure 1.

TIER 5: Not in the graph
(The Vibes Criterion)

TIER 4: In the graph, hop 2
(10,915 accounts)

TIER 3: Hop 1 from seeds
(1,852 accounts)

TIER 2: Followed by 2 seeds
(~92 accounts)

TIER 1: Seed accounts
(14 accounts)

you are
here

(maybe)

The Concentric Simcluster
(Which Ring Are You In?)

Figure 1: The concentric simcluster. Each ring represents a membership tier, from seeds (center)
to the vibes criterion (outer void). Your position in this diagram is, regrettably, a matter of
empirical fact.

Criterion 1: You Are a Seed

Population: 14 accounts. Psychological profile: Parental anxiety mixed with founder’s
syndrome.

If you are one of the 14 accounts used to initialize the snowball crawl—@abeliansoup.

bsky.social, @prer.at, @samantha.wiki, and eleven others5—then you are not merely in the
simcluster. You are of it. The crawl radiated outward from your follows. The network is, in a
literal sense, a map of your social neighborhood. Enjoy this knowledge. It will not make you
happier.

5Full list available in the repository at scripts/crawl network.py. Yes, reading the source code of a research
paper’s data collection script to check if you’re a seed is exactly the kind of behavior this paper is about.
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Criterion 2: Followed by ≥2 Seeds

Population: ∼92 accounts. Psychological profile: Popular, validated, slightly smug.6

The original crawl used this as its community filter: accounts followed by two or more seeds
were deemed “in-community” and their follow sets were expanded in Phase 3. This is the most
structurally rigorous membership criterion: it requires recognition from multiple community
anchors. It is also the most conservative estimate of the simcluster’s “real” population.

If you meet this criterion, you are in the inner circle. The seeds have noticed you. Multiple
of them. Independently. This is the network-science equivalent of being popular in high school,
except the high school has 10,915 students and you were selected by a SQL query.

Criterion 3: Within 1 Hop of a Seed

Population: 1,860 accounts (seeds + Phase 1 follows). Psychological profile: Enrolled,
participating, trying.7

You follow at least one seed, or a seed follows you. You are one edge away from the center
of the graph. In social terms, you are at the party and you know the host. You may not be in
the kitchen where the real conversation is happening, but you are in the apartment.

Criterion 4: In the Graph

Population: 10,915 accounts. Psychological profile: Technically present, spiritually am-
biguous.

Your DID appears in the crawl dataset. You are a node. You have at least one edge
connecting you to at least one other node that is also in the dataset. You may have no idea
what the simcluster is. You may have been followed by someone who was followed by someone
who was followed by a seed account, and now you are data. As [1] noted, only 596 of you have
resolved handles. The remaining 10,319 are DID strings in a SQLite database, identifiable but
anonymous—Simmel’s strangers rendered in hexadecimal.8

Criterion 5: In a Simcluster Louvain Community

Population: Potentially overlapping with Criteria 2–4. Psychological profile: Algorithmi-
cally assigned, probably unaware of it.

The original analysis identified 26 Louvain communities with modularity Q = 0.5346. If your
account falls into one of these communities, a modularity optimization algorithm has decided
you share structural properties with a cluster of other accounts. This is deeply ironic, given
that the simcluster takes its name from Twitter’s SimClusters recommendation algorithm [7]:
you have been clustered by one algorithm while identifying with the legacy of another.

Criterion 6: The Vibes Criterion

Population: Uncountable. Potentially infinite. Psychological profile: Self-appointed,
defense-resistant, unfalsifiable.9

6You follow interesting people and interesting people follow you back. Or rather, interesting people follow you
first, which is the crucial distinction.

7You followed the right people. Whether the right people followed you back is a question for §4.
8If you are reading this paper and wondering whether your DID is in the dataset, you can check using the

companion tool. If your DID is not in the dataset but you are reading this paper, you have achieved a remarkable
state: caring about membership in a community whose data collection you escaped. This is its own tier.

9“I’m not in the dataset, I’m not in any Louvain community, and no seeds follow me, but I feel simcluster.”
This statement is immune to empirical refutation, which makes it either the most authentic or the most delusional
form of membership. Possibly both.
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You are not in the graph. No seeds follow you. No algorithm has clustered you. But
you enjoy AI art, you find simulation aesthetics compelling, you have opinions about the AT
Protocol, and you laughed at a post by @norvid-studies.bsky.social once. Are you in the
simcluster?

The honest answer is: the simcluster has no authority to tell you no. It has no membership
committee, no entrance requirements, no boundary police. The vibes criterion is the null
hypothesis of community membership—it cannot be rejected, only ignored.

3.1 The Funnel

Figure 2 visualizes the narrowing of these criteria. At the wide end: vibes, anyone can claim.
At the narrow end: the 14 seeds, who cannot deny what they are.

"I feel simcluster-adjacent"
(The Vibes Criterion)

Your DID is in
our dataset
10,915

Within 1 hop
of a seed
1,852

Followed by
2 seeds
92

You are
a seed
14

The Membership Funnel: Six Ways to Be In

Figure 2: The membership funnel. Each tier narrows the population by roughly an order of
magnitude, from the uncountable (vibes) to the specific (seeds). Your position in this funnel
is a statement about your relationship to the community; whether it is a statement about the
community’s relationship to you is a different question entirely.

4 The Reciprocity of Belonging

The original paper reported a global reciprocity of ρ = 0.035: fewer than 3.5% of follow edges
are reciprocated. This number, presented in the first paper as a finding about network structure,
becomes something more personal in this context. It means: if you follow a simcluster account,
there is a 96.5% chance they do not follow you back.10

The reciprocity asymmetry creates a two-axis membership space:

1. Outward membership: You follow simcluster accounts. Your attention flows into the
community. You are an audience member.

10This is the network-science equivalent of staring at someone across a crowded room and discovering they are
looking at someone behind you.
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2. Inward membership: Simcluster accounts follow you. The community’s attention flows
toward you. You are a content source.

Most accounts in the dataset are audience members. They follow seeds and other visible
accounts; the follow is not returned. This is the parasocial dynamic described by [5]: a one-
sided relationship in which one party invests emotional energy while the other is unaware of
their existence.11

A small number of accounts achieve reciprocity: they follow and are followed by community
members. These accounts have achieved what we might call bidirectional membership—
recognition from the community they recognize. In a network with ρ = 0.035, this is rare and,
frankly, validating.12

The diagnostic framework in the next section accounts for both directions of membership.

5 A Diagnostic Framework

We now present a practical method for answering the question this paper has been circling.
Given a Bluesky handle, we compute a Simcluster Score (0–100) based on the follow graph’s
relationship to the 14 known community seeds. The score is computed from live API data—
no local database required—and reflects the user’s current position relative to the community
anchors.

5.1 Scoring Rubric

The Simcluster Score is a weighted sum of four components:

Table 1: Simcluster Score Components

Component What It Measures Max Points

Seed following How many of the 14 seeds do you follow? 30
Seed followership How many seeds follow you? 30
Reciprocal connections For how many seeds is the follow mutual? 20
Hub proximity Do you follow key non-seed community accounts? 20

Total 100

Seed following (0–30 points) measures outward membership: how many community anchors
have you chosen to pay attention to? Points increase nonlinearly: following 1 seed earns 5 points;
following 8+ earns the full 30. This is the easiest component to control, which is perhaps why
it is worth the least.

Seed followership (0–30 points) measures inward membership: how many community anchors
have chosen to pay attention to you? This is the component you cannot fake.13

Reciprocal connections (0–20 points) measures bidirectional membership: how many seed
relationships are mutual? In a network with 3.5% reciprocity, each mutual follow is statistically
surprising.

Hub proximity (0–20 points) checks whether you follow key non-seed accounts identi-
fied in the seed-excluded centrality analysis [1]: @abeliansoup.bsky.social, @moskov.

11Horton and Wohl were writing about television in 1956. They could not have imagined it would apply to a
community named after a recommendation algorithm on a decentralized social protocol. But here we are.

12Unless the reciprocal follow was automatic. Some accounts auto-follow-back. In which case your “bidirec-
tional membership” is worth approximately as much as the email newsletter you didn’t unsubscribe from.

13You can follow seeds, but you cannot make seeds follow you. This is the fundamental asymmetry of parasocial
existence. The ball is, regrettably, in their court.
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goodventures.org, @tbabb.bsky.social, and others. These are the genuine structural
bridges, and following them suggests integration into the community’s actual connective tissue
rather than mere proximity to crawl starting points.

5.2 Tier Assignments

Table 2: Simcluster Score Tiers

Score Tier Name What It Means

80–100 SEED / INNER CORE You are the simcluster
60–79 CORE Card-carrying member
40–59 ADJACENT Definitely in, but not center stage
20–39 PERIPHERAL On the outskirts. You know someone.
1–19 CURIOUS Simcluster-adjacent. Barely.
0 OUTSIDE No detectable connection

5.3 Score Distribution

Figure 3 shows a simulated score distribution based on the hop-distance structure from the orig-
inal crawl. The distribution is heavily right-skewed: most accounts score below 30 (peripheral
or curious), with a thin tail extending toward the core. This is the network structure made
personal—the core–periphery organization from the first paper, now expressed as a number you
can take personally.
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Figure 3: Simulated score distribution across the 10,915 accounts in the crawl dataset. The
majority of accounts fall in the PERIPHERAL and CURIOUS tiers, consistent with the core–
periphery structure documented in the original analysis. If your score is above 80, you already
knew. If your score is below 20, you weren’t wondering. Everyone in between is the target
audience of this paper.
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5.4 Using the Diagnostic

A companion command-line tool (scripts/check membership.py) and web interface are avail-
able in the repository. Given a Bluesky handle, the tool:

1. Resolves the handle to a DID via the public API.

2. Fetches the account’s follows and followers.

3. Computes overlap with the 14 seed accounts and key hub accounts.

4. Calculates the Simcluster Score and assigns a tier.

5. Prints a diagnostic report with the score, tier, and specific seed connections.

The tool queries the Bluesky API live, so scores reflect the current state of the follow graph
rather than the May 28, 2026 snapshot used in the original analysis. Follow relationships change;
scores are temporary; the simcluster is liquid [3].

6 The Impostor Complex of Network Position

There is a particular cruelty in network analysis: it reveals not just where you are, but where
you aren’t. The original paper documented this directly when it showed that the first author
(@samantha.wiki) appeared as the third-most-central account by betweenness centrality—and
then vanished from the rankings entirely when seed accounts were excluded [1]. The centrality
was not a measure of community importance. It was a measure of being a starting point for the
crawl.

This is the impostor complex of network position: the gap between where you appear to be
in the graph and where you actually are in the community. It operates in both directions:

• Inflated position: You appear central because of sampling artifacts, not because you are
structurally important. The seeds in the original analysis had inflated betweenness because
the crawl radiated outward from them. Their “bridgeness” was a methodological artifact.

• Deflated position: You are structurally important but don’t appear so because the sample
didn’t capture your connections. Accounts on the periphery of the snowball sample may be
bridges to unsampled communities that the crawl never reached.

The Dunning-Kruger effect [6]—whereby the incompetent overestimate their competence
while the competent underestimate theirs—has a network analog. High-centrality nodes may
not feel central (they just follow accounts they find interesting). Low-centrality nodes may
feel central (they post constantly, engage with the right content, and identify strongly with
the community). The network’s assessment of your position and your own assessment may be
almost entirely decorrelated.14

The fundamental indeterminacy is this: your position in the graph depends on who started
the crawl. A different set of 14 seeds would produce a different graph, different centrality
rankings, and a different set of “core” accounts. The simcluster is real, but the map is contingent.
You are not your betweenness centrality. You are not your PageRank. You are not your hop
distance from a set of accounts chosen by one researcher on one day in May.15

14The Spearman correlation between seed-proximity and centrality in the original analysis was rs = −0.20
for betweenness [1]. The correlation between your self-assessment and your actual network position is, to our
knowledge, unmeasured. We suspect it is not high.

15Unless you are a seed, in which case you literally are the starting point. Sorry.
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7 Conclusion: Does It Matter?

You came to this paper with a question: am I in the simcluster? You now have a framework
for answering it, a scoring rubric that will assign you a number between 0 and 100, and six
theoretical criteria that produce six different answers depending on how generously you define
“in.”

The recursive irony of this exercise should not be lost on you. The simcluster is a community
that formed around ironic self-awareness about algorithmic classification. Writing a paper that
classifies people’s membership in it is the kind of move that would, in a different context, be
called “doing a bit.” But the bit has a point: the anxiety of belonging—to a community, to a
network, to a graph—is genuine, even when the community is ironic and the graph was built
by snowball sampling.

So: are you in the simcluster?
If you read this paper and checked the diagnostic tool, you are in something. Whether it is

the simcluster depends on which of the six criteria you accept, how you weight reciprocity, and
whether you believe a modularity optimization algorithm’s opinion about your social identity.
The simcluster itself could not answer this question for you, because the simcluster is not an
entity that answers questions. It is a pattern in a follow graph. It is an imagined commu-
nity [2] that imagined itself into existence by adopting the name of an algorithm that detected
communities like it.

If you scored above 80: you already knew. If you scored below 20: you weren’t really
wondering. If you scored between 20 and 80: welcome to the uncomfortable middle, where
most of the simcluster actually lives, one unreciprocated follow away from belonging.

The first paper mapped the territory. This one told you whether you live there. Whether
that knowledge is useful, comforting, or merely another source of anxiety is a question that
network science cannot answer. That one is between you and your therapist.16
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